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Abstract 
The purpose of this study was to examine the mediating role of behavioural 
intention on the relationship between effort and actual system usage. There was 
a system usage ranging from 20 percent to 30 percent for students and 15 
percent to 20 percent for staff, which could be attributed to behavioural 
intention as a mediator and effort expectancy.  The study employed a cross-
sectional research design to provide a snap shot of the relationship between 
effort expectancy, behavioural intention and actual usage of the system. 
Quantitative research approach with descriptive and analytical research 
strategies was used. The study considered a population of 13,922 EIS intended 
only at the MUBS main campus and the sample comprised of 390 intended EIS 
users based on the sample determination approach by Yamane (1973). Simple 
random sampling was used to grant an equal chance for inclusion of each 
intended EIS user in the sample. It was then analyzed using a Statistical 
Package for Social Sciences (SPSS). Pearson’s correlation, regression analysis, 
Sobel test and Medgraph were used to establish relationship between study 
variables and to test mediation, respectively. Findings showed that there was a 
significant positive mediating effect of behavioural intention (BI) on the 
relationship between Effort Expectancy (EE) and Actual Usage (AU). The type 
of mediation was partial as EE predicts AU directly and indirectly through BI. 
There were also significant positive relationships between effort expectancy, 
behavioural intention to use and actual usage of the system. It was concluded 
that behavioural intention to use is a mediator of effort expectancy and actual 
system usage. It was recommended further that organizations pay attention to 
users’ pre-disposition to use systems as they link their effort expectancy to 
actual system usage.  
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Introduction 
Actual usage of Information and Communication Technologies (ICTs) in light of Education 
Information Systems continues to arouse interest for research (King and He, 2006; 
Bandhyopadhay and Bandhyopadhay, 2003). In the developed world, universities are investing 
in Education Information System projects to perform both education and management functions 
more effectively while reducing costs in terms of time, material resources and money. The 
systems cater for individual learners by focusing on each of their needs, extend learning outside a 
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classroom setting and improve association between teachers, students, parents and communities.  
Such systems also allow for student self-online-enrolment, accessing of the university calendar 
beyond the class schedule, generation of reports by both management and students and above all, 
ensure as well as enforce data security including privacy (Ingha and Collerette, 2003; Barber 
andMourshed, 2009; Kudrass, 2006). In regard to usage level of the Education Information 
Systems, literature suggests that there is a higher positive response in terms of actual usage of the 
Education Information Systems in the developed world than the developing world (Golding et. 
al., 2008). 
 
In Uganda, use of Education Information Systems (EIS) is still in its infant stages but has been 
embraced to facilitate planning and management of the education sector in the country. At 
national level, the government developed an Education Management Information System 
(EMIS) to provide quality education statistics in a timely, cost-effective and sustainable manner 
(Bakibinga, 2011). Makerere University Business School (MUBS) also developed its Education 
Information System (EIS) in 2010 to manage its core business processes - automation of the 
application process, admission process, registration process, and automation of students’ 
finances, results management process and automation of the human resource (Management 
Information Systems Unit report, 2012). However, actual usage of the EIS ranges from 20 
percent to 30 percent for students and 15 percent to 20 percent for staff, which is low 
(Management Information Systems Unit quarterly report, 2013). 
 
Considering that the EIS is a new technological system, there are bound to be several reasonable 
changes in operations influencing on actual usage of the EIS. Therefore, it means that actual 
usage of EIS depends an individual’s effort expectancy, which shapes such individual’s 
behavioural intention to use and ultimately, actual usage of the system (Venkatesh et. al., 2003; 
Dijk et. al., 2008; Byun and Finnie, 2011; Engotoit et. al., 2016; Moya et. al., 2016; Lukwago et. 
al., 2017). Therefore, there was need to examine the relationship between effort expectancy, 
behavioural intention to use and actual usage of the EIS. Although the EIS was developed to 
improve administrative and education functions in MUBS, which can only be attained 
successfully with actual usage of the EIS by all its intended users, its actual usage is still low, 
ranging from 20 percent to 30 percent for students and 15 percent to 20 percent for staff 
(Management Information Systems Unit quarterly report, 2013). This could be because of issues 
of the effort expectancy and behavioural intention to use the EIS.  
 
Purpose of the study 
This study sought to examine the mediating role of behavioural intention on the relationship 
between effort expectancy and actual system usage. 
Research objectives 

i. To examine the relationship between effort expectancy and behavioural intention to use 
the system; 

ii. To examine the relationship between behavioural intention to use the system and actual 
system usage; and 

iii. To determine the mediating effect of behavioural intention on the relationship between 
effort expectancy and actual system usage. 
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THEORETICAL FOUNDATION AND LITERATURE REVIEW 
Variables in this study were adopted with modification from the UTAUT model (Venkatesh et. 
al., 2012; 2003). The UTAUT model has been widely used in studying adoption and use of 
technology products in different study fields because it is regarded as an adequate model rather 
than any other technology adoption model due to its ability to explain 70 percent of variance 
(adjusted R2=70%) in usage behavioural intentions compared to other models (Zeinab et. al., 
2014; Venkatesh et. al., 2012, 2003). The UTAUT model is also comprised of a variety of 
explanatory variables derived from earlier theoretical models that were developed also to explain 
technology acceptance and use. This has made it to have a global and integrative approach in 
addressing technology acceptance issues in many industries (Attuquayefio et. al., 2014). Two 
variables from the UTAUT model informed our study as explained in our conceptual framework 
in Figure 1. They include Effort Expectancy (EE) and Behavioural Intentions to Use (BIU) said 
to positively influence on Actual system Usage. 
 
Effort expectancy and Behavioural Intention to Use 
Venkatesh et al., 2012, p. 159) as well as Jelena and Hong (2016) explain effort expectancy as 
“the degree of simplicity associated with consumers’ use of technology” among other UTAUT 
studies (Engotoit et. al., 2016, Lukwago et. al., 2017; Moya et. al., 2016; Kasse et. al., 2015; 
Malima et. al., 2015; Kahenya et. al., 2014; Ramli et. al., 2013; Paul, 2013; Sedigheh et. 
al.,.2013; Mei et. al., 2012). Behavioural intention is the individual willingness to use and 
continue to use a technology, and the factor that determines the usage of a technology 
(Venkatesh et al., 2012,).Jelena and Hong, 2016 define behavioural intention as “the individual 
willingness to use and continue to use a technology system, where the individuals are the users 
of technology.” In support with other studies (for example, Engotoit et. al., 2016, Lukwago et. 
al., 2017; Moya et. al., 2016; Kasse et. al., 2015; Malima et al., 2015; Kahenya et. al., 2014; 
Ramli et. al., 2013; Paul, 2013; Sedigheh et. al, 2013; Mei et. al., 2012).  
 
In a recent study by Lukwago et al, (2017), it was revealed that there was a significant positive 
relationship between Customer Expectancy and behavioural intention to use systems thereby 
indicating that effort expectancy influenced individuals’ behavioural intention towards actual 
system use. Engotoit et al, (2016) also found a positive significant relationship between Effort 
Expectancy and behavioural intention to use technological systems, a pattern, which meant that 
once users are able to employ a technology with minimal efforts, their disposition to use will be 
positive. Dijk et al., (2008) state that information system users find challenges with use of such 
systems, an aspect  further explained by Byun and Finnie (2011) who stated that a complex 
system that is difficult to work around can make users lose interest towards adopting it. More 
studies are in support of a positive relationship between effort expectancy and behavioural 
intention to use technological systems (for instance, Sedigheh et. al., 2013; Bandyopadhyay and 
Fraccastoro, 2007; Im et. al., 2011; Nassuora, 2012; Wang & Shih, 2009). However, in a study 
by Jelena and Hong (2016), it was found that EE does not positively influence on behavioural 
intention to use a technological system. In several studies, Effort Expectancy has been found to 
affect behavioural intention positively (Park et. al., 2007; Im et. al., 2011). The UTAUT model 
posits that the effort necessary to learn and use new technology will affect its acceptance and 
usage (Venkatesh et. al., 2003). We hypothesise that effort expectancy positively relates to 
behavioural intention to use (H1). 
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Behavioural Intention to Use and Actual Usage 
Actual system use refers to ‘how often’ and the volume of system use (‘how much’) by the user 
(Davis, 1989; Venkatesh et. al., 2003; Wu et. al., 2010). Davis asserts that one’s behavioural 
intention influences actual system usage. This is due to internalization as well as identification 
and may influence behavioural intention directly via compliance. It is further argued that once 
end users of the system are not informed or educated about the need or relevance, this will 
greatly influence their behavioural intention to use and hence, there will be actual use. 
Behavioural intention to use influences on use of information systems such that a significant 
positive relationship exists between behavioural intention and actual use of systems (Engotoit et. 
al., 2016, Lukwago et. al., 2017; Moya et. al. 2016; Kasse et. al., 2015; Malima et. al., 2015; 
Kahenya et. al., 2014; Ramli et. al., 2013; Paul, 2013; Sedigheh et. al., 2013; Mei et, al., 2012). 
In other studies, researchers found out that behavioural intention mediated effort expectancy in 
influencing system use (for example, Moya et. al., 2016; Paul, 2013).Therefore, i it’s 
hypothesised that (H2), “behavioural intention to use positively relates to actual system use” and 
(H3), “Behavioural intention mediates the relationship between effort expectancy and system 
use.” 
 
Effort expectancy and Actual Usage 
In this study, we argue that effort expectancy is one of factors that determines behavioural 
intention and with well-established literature (for instance, Ahmad et. al., 2014, Alenezi et. al., 
2015). It was discovered that effort expectancy can affect behaviour influences, which will, in 
turn, have a positive effect on actual use of technology (Turner et. al., 2010). 
We hypothesise that (H4), effort expectancy positively relates to system usage. 
 
Conceptual framework 
Figure 1 Technology Acceptance Framework for the Education Information System at 
MUBS 
                                                                                       H4 
 
                                                       H1                                                                  H2 
 
 
 
 
Source: Developed from the works of (Venkatesh et al, 2012; 2003). 
 
The model shows the relationship between effort expectancy, behavioural intention to use and 
actual system usage (Figure 1). The independent variable is effort expectancy with the mediating 
variable as behavioural intention to use and actual system usage as the dependent variable 
(Figure 1). Effort expectancy directly influences behavioural intention to use the system and 
actual system usage, and an individual’s behavioural intention to use the system influences their 
actual system usage (Figure 1). 
 
METHODOLOGY 
The methodology used included the research design, study population, sample size, sampling 
procedure, and data collection method, reliability as well as validity test, measurement of 
variables and data analysis. 

Effort expectancy 
Behavioral 
intention to use 
(H3) 

Actual usage 
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Research design 
This study employed a cross-sectional research design and quantitative research approach. 
According to Sarantakos (2005), cross-sectional analysis encompasses studies of the relationship 
between different variables at a point in time. A cross-sectional design was employed to provide 
a snap shot of the relationship between effort expectancy, behavioural intention and actual usage 
of the EIS. 
 
Study Population 
The study considered a total population of 13,029 EIS users comprising of 663 Master degree 
students, 10754 Bachelor’s degree students, 1482 Diploma students and 130 Certificate students 
at MUBS main campus, Kampala. It has to be noted that students in the regional study campuses, 
Arua, Mbale Mbarara, Jinja and those in studying at Luzira Prison, were not considered due to 
time factor and cost of the field work. 
 
TABLE 1: Study Population  
Category Population 
Master degree students 663 

Bachelor degree students 10754 

Diploma students 1482 

Certificate students 130 

Total 13,029 

Source: Makerere University Business School Human Resource Office (2013) and Makerere 
University Business School, Office of the School Registrar- Registered figures for semester one 
2013/2014 Academic Year (2013). 
 
Sample Size and Sampling Procedure 
The sample comprised of 366 intended EIS users. The procedure for determining the sample size 
was based on the sample determination approach by Yamane (1973). The study used simple 
random sampling in the different strata to grant an equal chance for inclusion of each intended 
EIS user in the sample. 
 
TABLE 2 Sample size contributions per user access level 
Intended users  Population Sample size 

contribution per level  
Masters students 663 19 
Bachelors students 10754 301 
Diploma students 1482 42 
Certificate students 130 4 
Total 13029 366 
 
Data collection method 
Primary data provided by respondents constituted the main source of data. Data for this study 
were collected mainly through self-administered questionnaires. The questions were organized 
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into the following two groups: demographic questions about the respondent and also questions 
about the UTAUT model in its totality as already explained in this paper.  The questionnaires 
were designed according to objectives of the study and respective study variables. However, 
respondents filled in the questionnaires at their convenience and responses to the questions were 
anchored on a five (5) point Likert scale. 
 
Reliability and validity test 
Reliability in the research instrument was assessed by using the Cronbach’s alpha coefficient 
(Cronbach, 1951). An Alpha coefficient of 0.6 or higher for an individual test variable showed 
that the instrument was adequate (Nunnally, 1960). Validity test on the content was carried out 
by giving the research instrument to three experts in the area of Information Communication 
Technology usage and responses to the questions were anchored on a four (4) point scale ranging 
from Not Relevant, Somewhat Relevant, Quite Relevant and Relevant after which a Content 
Validity Index (CVI) was computed as a proportion of relevant questions for every expert. 
 
Table 3 Cronbach’s Alpha Values  
Variable Cronbach Alpha No. of items  
Effort expectancy  0.656 22 
Behavioural Intention to use 0.862 15 
Actual Usage 0.878 14 
Source: Primary data 
 
Table 4: Content Validity Indices 
Variable Content Validity Index 
Expert I  0.982 
Expert II 0.964 
Expert III 0.967 
Source: Primary data 
Since Cronbach Alpha and Content Validity coefficients in Tables 3 and 4 were > 0.6 (Nunnally, 
1960), then the scales used to measure the study variables were consistent and therefore, reliable 
as well as valid. 
 
Measurement of variables 
The questionnaire was developed based on similar previous studies (Luarn and Lin, 2005; 
Nysveen et. al., 2005; Pikkarainen et. al., 2004; Wang et. al., 2003; Davis, 1989; Shimp and 
Kavas, 1984). One of the advantages in using the UTAUT model was that it has a well-validated 
measurement inventory (Vakatesh, 2012, 2003). Effort expectancy was adapted from UTAUT 
(Venkatesh et. al., 2012; 2003) and measurement depended on degree to which an individual 
believes that using a particular system is free from physical and mental effort as well as 
simplicity to acquire skills and understanding of the system. Behavioural intention to use a 
system was developed based on guidelines by Venkatesh and Davis (2000), Thompson et al., 
(2006), Chen et al. (2002), Suh and Han (2002), Ajzen and Fishbein (1991) as well as Venkatesh 
et al. (2012; 2003). In addition, it was determined by considering both the person’s attitude 
towards the actual behaviour and the subjective norm associated with the behaviour in question.  
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Lastly, actual system usage was adapted from Venkatesh et al. (2003), Thompson et al.( 2006), 
Davis (1989, 2000), (Lederer, et al, 2000; Mathieson et al, 2001) as well as Roberts and 
Henderson (2000) and measurement depended on frequency together with duration of actual 
system use.  A five-point Likert-type scale, ranking from 1 (Strongly disagree) to 5 (Strongly 
agree), was used for all constructs. 
 
Data analysis plan 
Once data were collected with the aid of questionnaires to examine the relationship between 
effort expectancy, behavioural intention to use and EIS actual usage, they were sorted, edited, 
coded and entered into a computer. Then they were analyzed using a Statistical Package for 
Social Sciences (SPSS) in order to develop relationships among variables. The relationship 
among the study variables was analyzed using correlation coefficient and also the influence 
among the study variables including prediction of usage and behavioural intention was analyzed 
using hierarchical linear regression analysis. Sobel test and Medgraph were employed to test for 
mediation. 
 
PRESENTATION OF FINDINGS 
Background characteristics data of the sample  
This section presents information about background characteristics of studied respondents. 
Analyzed respondents’ characteristics included gender, age bracket, education level, and user 
access level, duration of interaction with computers and duration of interaction with the EIS. 
 
Table 5: Gender  
Variable (n=366) Category Frequency % 
Gender Male 172 46.9 

Female 194 53.1 
  366  

Source: Primary data 
 
Table 5 reveals that 53.1 percent of respondents were females, while 46.9 percent were males. 
Female dominance did not affect the study because the study was not gender sensitive as shown 
in Tables 7 and 8 of hierarchical regressions. 
 
Correlation and hierarchical linear regression analyses 
Pearson’s Correlation analysis was employed to establish if there existed a relationship between 
pairs of different variables of the study. Hierarchical regression was used to predict system use. 
The analyses facilitated in limelight of objectives of the study and consequently, they provided 
answers to questions of the study. 
 
Table 6: Correlation analysis 
Variable  (1) (2) (3) 
Effort expectancy (1) 1.000   
Behavioural intentions to use (2) .517** 1.000  
Actual system usage (3) .447** .630** 1.000 
Source: Primary data 
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Objective 1: To examine the relationship between effort expectancy (EE)and behavioural 
intention (BI) to use the EIS in MUBS. 
 
The first objective of the study was to examine the relationship between effort expectancy and 
behavioural intention to use the EIS in MUBS.  
The results in the correlation matrix Table 6 and hierarchical regression summarized in Table 8 
indicated that there was a significant positive relationship between effort expectancy of use and 
behavioural intention to use the EIS (r = .517, p<.01; Beta= .523, p<0.01). EE contributed 26.1 
percent of the BI to use the system. This implies that the level of effort expectancy of the EIS 
corresponds directly and positively with their intention to use the EIS in face of challenges 
associated with the system.  
 
Objective 2: To examine the relationship between behavioural intention (BI) to use the EIS 
and EIS actual usage (AU) in MUBS. 
The second objective of the study was to examine the relationship between behavioural intention 
to use and actual usage of the EIS in MUBS. Findings summarized in the correlation matrix table 
6 and hierarchical regression works summarized in Table 7 revealed further that there was a 
significant positive relationship between behavioural intention to use and actual usage of the EIS 
(r = .630, p<.01; Beta=.528, p<0.01). Behavioural intention contributed 37.2 percent to actual 
usage of the system. This implies that the level of actual usage of EIS by users was directly 
associated with their intention to use EIS in face of challenges associated with the system. 
 
Objective 3: To examine the relationship between effort expectancy (EE) and EIS actual usage 
(AU) in MUBS. 
The third objective of the study was to examine the relationship between effort expectancy and 
actual usage of the EIS in MUBS. Findings summarized in the correlation matrix Table 6 and 
hierarchical regression summarized in Table 7 revealed further that there was a significant 
positive relationship between effort expectancy and actual usage of the EIS (r = .447, p<0.01; 
Beta=.171, p<0.01). EE contributed 2 percent to actual usage of the system. This implies that the 
level of actual usage of EIS by users was directly associated with their effort expectancy of the 
EIS in face of challenges associated with the system. 
 

TABLE 7: Hierarchical Regression analyses of EE, BI and AU 
 MODEL 1 MODEL 2 MODEL 3 

Variable Beta T Beta T Beta T 

Constant  14.531**  6.610**  5.519** 
Gender -.051 -1.068 -.049 -1.287 -.041 -1.103 
Age -.076 -1.471 -.029 -.702 -.036 -.896 
Education -.006 -.121 -.003 -.668 .003 .080 
Duration 
using 
computers 

.077 1.374 .011 .242 .011 .256 

User Access 
Level 

-.024 -.481 .001 .016 -.008 -.198 

Duration -.002 -.035 -.017 -.417 -.048 -1.151 
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using EIS 
Behavioural 
intention 

  .615** 16.715** .528** 12.494** 

Effort 
expectancy 

    .171** 3.983** 

R2 .012 .384 .404 
AdjR2 .001 .374 .394 
R2 change .012 .372 .020 
SigF change .473 .000 .000 
F .930 41.191 39.182 
Sig .473 .000 .000 
Source: Primary data 
 
TABLE 8: Hierarchical Regression Analysis of EE and BI 
 MODEL 1 MODEL 2 

Variable Beta T Beta T 
Constant  13.610  7.156 
Gender -.004 -.083 .020 .494 
Age -.076 -1.491 -.079 -1.790 
Education -.006 -.110 .014 .319 
Duration using computers .107 1.926 .080 1.677 
User Access Level -.041 -.806 -.056 -1.288 
Duration using EIS .025 .480 -.075 -1.646 
Effort expectancy   .523** 12.955** 
R2 .018 .279 
AdjR2 .005 .268 
R2 change .018 .261 
SigF change .210 .000 
F 1.408 25.615 
Sig .210 .000 
Source: Primary data 
 
Mediating role of behavioural intention on the relationship between effort expectancy and 
actual usage 
There was a significant positive mediating effect of behavioural intention on the relationship 
between EE and AU (Sobel z-value=9.157887, p<0.001) as shown in Table 9 and Figure 2. The 
type of mediation is partial as EE predicts AU directly and indirectly through BI.   
 
Table 9 Sobel Test 

Type of mediation Significance 
Sobel z-value 9.157887 p =<0.000001 
95% Symmetrical Confidence 
interval   
Lower 0.24335   
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Figure 2: Mediating role of behavioural intention on the relationship between effort 
expectancy and actual usage.  
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DICUSSION OF FINDINGS 
Relationship between effort expectancy and behavioural intention to use the EIS in MUBS 
There was a significant positive relationship between effort expectancy and behavioural intention 
to use the EIS. This implies that the level of effort expectancy of EIS corresponds directly with 
their intention to use the EIS in face of challenges associated with the system. This means that if 
the EIS is perceived by users to be easy to use free from mental effort, then their behavioural 
disposition towards using the system will increase. This finding is in agreement with studies such 
as Engotoit et al., (2016) in a study on a mobile-based communication adoption model for 
agricultural marketing using the SEM coefficient found a positive relationship between EE and 
BI. Moreover, Moya et al., (2016) in a study of adoption of e-tax services in Uganda Revenue 
Authority found the P value below 0.05, indicating a significant positive relationship between EE 
and BI. Furthermore, Lukwago et al, 2017 in a study of adoption of mobile money transfer 
services in Uganda found a significant positive relationship between customer expectancy and 
BI. Vekatesh et al. (2003, 2012) studies also reported EE as an important predictor on the 
decision not only to adopt a technology but also to continue to use that technology. 
 
 
 

Higher 0.37588   
Unstandardized indirect effect   
 a*b 0.30962   
 Se 0.03381   
Effective Size measures   
Standardized Coefficients   R² Measures (Variance) 
  Total: 0.436 0.190 
  Direct: 0.161 0.019 
  Indirect: 0.275 0.171 
  Indirect to Total ratio 0.63 0.899 
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Relationship between behavioural intention to use the EIS and EIS actual usage in MUBS 
There was a significant positive relationship between behavioural intention to use and actual 
usage of the EIS. This implies that the level of actual usage of the EIS by users was directly 
associated with their intention to use the EIS in face of challenges associated with the system. 
This finding supports recent research by Engotoit et al., (2016) who in a study on a mobile-based 
communication adoption model for agricultural marketing using the SEM coefficient found a 
positive relationship between BI and AU. Moreover, Moya et al., (2016) in a study of adoption 
of e-tax services in Uganda Revenue Authority found the P value below 0.05, indicating a 
significant positive relation between BI and AU. Lukwago et al., (2017) in a study of adoption of 
mobile money transfer services in Uganda found a significant positive relationship between BI 
and AU. Vekatesh et al. (2003) also indicated behavioural intention as a determinant of actual 
system usage.  
 
To examine the relationship between effort expectancy EIS and EIS actual usage. 
There was a significant positive relationship between effort expectancy and actual usage of the 
EIS. This implies that the level of actual usage of the EIS by users was directly associated with 
their effort expectancy of the EIS in face of challenges associated with the system. This means 
that if the EIS is perceived by users to be easy to use free from mental effort, then their actual 
usage of the system will increase. Engotoit et al. (2016) in the study on a mobile-based 
communication adoption model for agricultural marketing using the SEM coefficient found a 
positive relationship between EE and system usage. In addition, Moya et al, (2016) in the study of 
adoption of e-tax services in Uganda Revenue Authority found a significant positive relationship 
between EE and system usage. Moreover, Lukwago et al, (2017) in the study of adoption of 
mobile money transfer services in Uganda found a significant positive relationship between 
customer expectancy and system usage. 
 
Mediating role of behavioural intention to use on the relationship between effort 
expectancy and actual system usage 
There was a significant positive mediating effect of behavioural intention on the relationship 
between EE and AU (Sobel z-value=9.157887, p<0.001) as shown in Figure 1. The type of 
mediation is partial as EE predicts AU directly and indirectly through BI. This is in line with 
results from a study by Moya et al, (2016) on adoption of e-tax services in Uganda Revenue 
Authority whereby it was found out that the Sobel’s Z value pointed to significant type of 
mediation in view of the fact that the supreme effect of effort expectancy on Behavioural 
Intention reduced to a considerable significant level from B equivalent to 0.214*** to B at -0.38. 
 
CONCLUSIONS 
The study focused on behavioural intention to use as the mediator of effort expectancy and actual 
system usage. It should be noted that significant positive relationships were established between 
the study variables. Effort expectancy of the system improved or enhanced the users’ behavioural 
intention to use the system. Therefore, the more the system becomes free from mental effort, the 
more users will tune their positive behaviour towards using the system. Behavioural intention to 
use the system enhanced actual system usage. Therefore, the higher the users’ pre-disposition to 
respond favourably to the system, the higher their actual system usage. Effort expectancy 
influenced actual system usage. Therefore, the higher the system becomes easy to use, the more 
users will actually employ it. Behavioural intention to use a system mediates effort expectancy 
and actual system usage. Therefore, when users feel that the system is free from mental effort in 



ORSEA Journal Vol. 7 (1), 2017 

82 

 

terms of use, their pre-disposition to respond favourably increases thereby they actually use the 
system.  
 
Theoretical implications 
Findings from this study also added to the existing body of knowledge by generating literature 
on behavioural intention to use as the mediator of effort expectancy and actual system usage by 
students at an institution of higher learning in a developing country. Theoretically, this study 
identified a direct link of effort expectancy in predicting usage, which is an improvement to 
Vekatesh et al. (2012; 2003) models that had no direct relationships between effort expectancy 
and usage.  
 
Methodological implications 
The study employed medgraph with sobel test Jose N P (2013) for mediation, which is robust in 
testing mediation. 
 
Practical implications 
The outcomes from the study will be of great importance to the MUBS students community and 
management because they will be able to appreciate the mediating role of behavioural intention 
on users’ effort expectancy and their actual system usage. This study provides information to 
advance need for system usage and research to guide managerial interventions. Usage of education 
system needs thorough understanding by students in order to ensure highly relevant and effective 
learning. This can be done by investing in research and development activities so as to establish further 
demand side information as a strategy towards customer centricity. 
 
Policy implications 
Policy makers need to design system usage policies and adopt strategies geared through effort 
expectancy and behavioural intention. Additionally, designing programs that stimulate individual 
students for their effectiveness is crucial in advancing system usage. 
 
It is important to ensure awareness of behavioural challenges that propel voluntary use of 
systems when proposing initiatives towards promoting a highly inclusive ICT system. Policy 
frameworks need to support establishment of robust systems in higher institutions of learning to 
enhance service delivery. Moreover, there is a need to provide a planning policy framework that 
recognizes individuals’ effort expectancy and behavioural concerns.  
 
Recommendations 
The following recommendations are made to usage of technological systems to improve business 
processes in terms of effectiveness and efficiency: 
 
Organizations should ensure that systems they introduce are simple, user-friendly, easy to learn 
and require less mental effort and training in order to influence users’ positive pre-disposition 
towards using the systems.  
 
REFERENCES 
Ajzen, I. (1991), “The theory of planned behaviour”, Organizational Behaviour and Human 

Decision Processes, Vol. 50 No. 2, pp. 179-211. 



Moya, M. B, Nakalema, S. E. & Nansamba, C. 

83 

Ajzen, I. (1998). Models of human social behaviour and their application to health psychology. 
Psychology and Health, 13(4), 735-739. 

Ajzen, I. and Fishbein, M. (2005), “The influence of attitudes on behaviour”, In Albarracín, D., 
Johnson, B.T. and Zanna, M.P (ed). The Handbook of Attitudes Analysis, Prentice Hall, 
Upper Saddle River, NJ, pp. 173-22. 

Akbar, F. (2013). What affects students’ acceptance and use of technology? Dietrich College of 
Humanities and Social Sciences  

Akbar, F. (2013). What affects students’ acceptance and use of technology? Dietrich College of 
Humanities and Social Sciences. 

Alaiad, Ahmad et Zhou, Lina (2014), “The determinants of home healthcare robots adoption: An 
empirical investigation”. International journal of medical informatics, Volume 83, Issue 
11, 825-840. 

Benard Engotoit, Musa Moya, Kituyi Geoffrey Mayoka, Bonface Abima, (2016) “A Mobile-
Based Communication Adoption Model for agricultural market information 
dissemination in Uganda”, Global Journal of Computers & Technology Vol. 5, No. 1; 
ISSN: 2394-501X, October, 2016. 

Bergeron, F., Rivard, S., & De Serre, L. (1990). Investigating the support role of the information 
center. MIS quarterly, 247-260. 

Bock, G.W., Zmud, R.W., Kim, Y.G., and Lee, J.N. (2005). Behavioural intention formation in 
knowledge sharing: Examining the roles of extrinsic motivators, social-psychological 
forces, and organizational climate. MIS Quarterly, Vol. 29, pp. 87-111. 

Burton-Jones, A., and Hubona, G.S. (2005). Individual differences and usage behaviour: 
Revisiting a technology acceptance model assumption,” The DATABASE for Advances in 
Information Systems, Volume 36, Number 2,  pp.58-77. 

Caldeira, M. M., & Ward, J. M. (2002). Understanding the successful adoption and use of IS/IT 
in SMEs: an explanation from Portuguese manufacturing industries. Information Systems 
Journal, 12(2), 121-152. 

Chau, P. Y., & Hu, P. J. H. (2001). Information technology acceptance by individual 
professionals: A model comparison approach*. Decision Sciences, 32(4), 699-719. 

Chen, L. D., Gillenson, M. L., & Sherrell, D. L. (2002). Enticing online consumers: an extended 
technology acceptance perspective. Information & management, 39(8), 705-719. 

Davis, F. D. (1986). A Technology Acceptance Model for Empirically Testing New End-User 
Information Systems: Theory and Results. Cambridge, MA: Sloan School of 
Management. 

Davis, F. D. (1993). User acceptance of information technology: system characteristics, user 
perceptions and behavioural impacts. International journal of man-machine studies, 
38(3), 475-487. 

Davis, F. D., Bagozzi, R. P., & Warshaw, P. R. (1992). Extrinsic and intrinsic motivation to use 
computers in the workplace1. Journal of applied social psychology, 22(14), 1111-1132. 

Davis, F.D., Bagozzi, R.P., and Warshaw. P. R. (1989). User acceptance of computer 
technology: A comparison of two theoretical models,” Management Science, Volume 35, 
Number 8,  pp. 982-1003. 

Dijk  Van, J. ,Peters O. and Ebbers, W. (2008), “Explaining the acceptance and use of 
government Internet services: A multivariate analysis of 2006 survey data in the 
Netherlands”. Government Information Quarterly, Volume 25, Issue 3, 379-399. 

Engotoit Benard, Musa Moya, Kituyi Geoffrey Mayoka, Bonface Abima, (2016) “A Mobile-
Based Communication Adoption Model for agricultural market information 



ORSEA Journal Vol. 7 (1), 2017 

84 

 

dissemination in Uganda”, Global Journal of Computers & Technology Vol. 5, No. 1; 
ISSN: 2394-501X, October, 2016. 

Eveleth and Robert “Expectancy Theory and Behavioural Intentions to Use Computer 
Applications”, Department of Business, University of IdahoMoscow, Idaho, USA, 
Interdisciplinary Journal of Information, Knowledge, and Management, Volume 3, 
(2008). 

F.D. Davis, R.P. Bagozzi, and P.R. Warshaw (1989). User Acceptance of Computer Technology: 
A Comparison of Two Theoretical Models. Management Science, vol. 35, pp. 982-1003. 

Fishbein, M., & Ajzen, I. (1975). Belie5 attitude, intention, and behaviour: An introduction to 
theory and research. Reading, MA: Addison-Wesley. 

Guriting, P., & Ndubisi, N. O. (2006). Borneo online banking: evaluating customer perceptions 
and behavioural intention. Management research news, 29(1/2), 6-15. 

Hogarth. R. M. (1991). A perspective on cognitive research in accounting. The Accounting 
Review, 66(2), 277-290. 

http://eprints.usm.my/25451/1/RESEARCHING_ENDUSERS%E2%80%99_INTENTION_TO_USE.pdf 
http://libproject.hkbu.edu.hk/trsimage/hp/12001082.pd 
http://webcache.googleusercontent.com/search?q=cache:5krVi8mVpMQJ:www.ccsenet.org/journal/index

.php/ijbm/article/download/55732/30367+&cd=11&hl=en&ct=clnk 
https://pdfs.semanticscholar.org/33e5/17029aab95714fd3209963b3868d4fda14c5.pdf 
https://www.mruni.eu/upload/iblock/ef6/ST-13-3-2-01.pdf 
Hussain Alenezi, Ali Tarhini, Sujeet Kumar Sharma, (2015) "Development of quantitative model 

to investigate the strategic relationship between information quality and e-government 
benefits", Transforming Government: People, Process and Policy, Vol. 9 Issue: 3, 
pp.324-351, https://doi.org/10.1108/TG-01-2015-0004 

Jackson, C.M., Chow, S., and Leitch, R.A. (2007). Toward an understanding of behavioural 
intention to use an information syste. Decision Sciences, Vol. 28, pp. 357-389 

Jelena Miladinovic, Hong Xiang (2016) “A Study on Factors Affecting the Behavioural Intention 
to use Mobile Shopping Fashion Apps in Sweden.” 

Kahenya W.D, Sakwa M, Ira vo M(2014). Assessing Use of Information Communication 
Technologies among Agricultural Extension Workers in Kenya Using Modified UTAUT 
Model. International Journal of Sciences: Basic and Applied Research (IJSBAR) Volume 
16, No 2, pp 11 -22.  

Kasse John Paul, Moya Musa and Annette K. Nansubuga, (2015), “Facilitating Condition for E-
learning Adoption—Case of Ugandan Universities”, Journal of Communication and 
Computer 12 - 244-249, 2015. 

King, W. R., & He, J. (2006). A meta-analysis of the technology acceptance model. Information 
& Management, 43(6), 740-755. 

Koufaris, M. (2003). Applying the Technology Acceptance Model and Flow Theory to Online 
Consumer Behaviour. Information Systems Research, 13 (2), 205-223. 

Kurnia, S., Smith, S. P., & Lee, H. (2006). Consumers' perception of mobile internet in 
Australia. e-Business Review, 5(1), 19-32. 

Lederer, A. L., Maupin, D. J., Sena, M. P., & Zhuang, Y. (2000). The technology acceptance 
model and the World Wide Web. Decision support systems, 29(3), 269-282. 

Lin, H. H., & Wang, Y. S. (2005, July). Predicting consumer intention to use mobile commerce 
in Taiwan. In Mobile Business, 2005. ICMB 2005. International Conference on (pp. 406-
412). IEEE. 



Moya, M. B, Nakalema, S. E. & Nansamba, C. 

85 

Lukwago Ismail, Musa B. Moya, Keefa Bwiino, Kato Ismael (2017) “ Examining Determinants 
of Behavioural Intention in Adoption of Mobile Money Transfer Services in Uganda”, 
ICTACT Journal on Management Studies Volume: 3 , Issue: 1 Februray 2017. 

Lukwago Ismail, Musa B. Moya, Keefa Bwiino, Kato Ismael (2017) “ Examining Determinants 
of Behavioural Intention in Adoption of Mobile Money Transfer Services in Uganda”, 
ICTACT Journal on Management Studies Volume: 3 , Issue: 1 Februray 2017. 

Lukwago Ismail, Musa B. Moya, Keefa Bwino, Kato Ismael (2017)  Examining Determinants of 
Behavioural Intention in Adoption of Mobile Money Transfer Services in Uganda, 
ICTACT Journal on Management Studies Volume: 3 , Issue: 1 February 2017. 

Malima G., Buka za C., Faustine K. (2015). Farmers' Acceptance Behaviour in Using Mobile 
Phones for Agricultural Marketing in Iringa Region, Tanzania. Vol 4, No 1, Pages: 20-45. 

Mathieson, K., Peacock, E., & Chin, W. W. (2001). Extending the technology acceptance model: 
the influence of perceived user resources. ACM SigMIS Database, 32(3), 86-112. 

McGill, T., Hobbs, V., & Klobas, J. (2003). User developed applications and information 
systems success: A test of DeLone and McLean's model. Information Resources 
Management Journal (IRMJ), 16(1), 24-45. 

Mei-Ying Wu a, Pei-Yuan Yu a, Yung-Chien Weng , (2011) “A Study on User Behaviour for I 
Pass by UTAUT:Using Taiwan’s MRT as an Example”, Asia Pacific Management 
Review 17(1) (2012) 91-111. 

Moon, J.W., and Kim, Y.G. (2001).Extending the TAM for a world-wide-web context. 
Information & Management, Volume 38, Number 4, pp.217-230. 

Morris, M. G., & Dillon, A. (1997). The influence of user perceptions on software utilization: 
application and evaluation of a theoretical model of technology acceptance. 

Morrow, P. C., E. R. Prell, J. C. McElroy. (1986). Attitudinal and behavioural correlates of 
computer anxiety. Psych. Rep, 59(3) 1199–1204. 

Moya Musa, Robinah Nabafu, Gilbert Maiga, Kituyi Mayoka (2016) “Attitude and behavioural 
intention as mediators in adoption of e-tax services in Uganda Revenue Authority, 
Uganda” Operations research society of Eastern Africa (ORSEA) Journal Vol. 6 Issue 
No.1 June 2016. 

Moya, Musa; Akodo, Robinah (2009). E-Learning platform usage by students in institutions of 
higher learning. Nkumba Business Journal. vol. 8 pp. 59-71. 

Nassuora Ayman Bassam (2012), “Students Acceptance of Mobile Learning of or Higher 
Education  in Saudi Arabia”. International Journal of Learning Management Systems, 
No.1, 1-19. 

Ndubisi, N. O., & Jantan, M. (2003). Evaluating IS usage in Malaysian small and medium-sized 
firms using the technology acceptance model. Logistics Information Management, 16(6), 
440-450. 

Norman, D. A. (1993). Things That Make Us Smart: Defending Human Attributes in the Age of 
the Machine. Addison-Wesley, Reading, MA. 

Nysveen, H., Pedersen, P. E., & Thorbjørnsen, H. (2005). Explaining intention to use mobile 
chat services: moderating effects of gender. Journal of Consumer Marketing, 22(5), 247-
256. 

Paul Juinn Bing Tan (2013), “Applying the UTAUT to Understand Factors Affecting the Use of 
English E-Learning Websites in Taiwan”, Sage open. 

Petter, S., DeLone, W., & McLean, E. (2008). Measuring information systems success: models, 
dimensions, measures, and interrelationships. European Journal of Information Systems, 
17(3), 236-263. 



ORSEA Journal Vol. 7 (1), 2017 

86 

 

Ramli S. A., Omar S. Z., Bolong J., D’Silva J. F., Shaffril M. H. A., (2013). Influence of 
Behavioural Factors on Mobile Phone Usage among Fishermen: The Case of Pangkor 
Island Fishermen. Asian Social Science; Vol. 9, No. 5. 

Roberts, P., & Henderson, R. (2000). Information technology acceptance in a sample of 
government employees: a test of the technology acceptance model. Interacting with 
Computers, 12(5), 427-443. 

Sedigheh Moghavvemi, Noor Akma, Noor Akma Mohd Salleh, Masoud Abessi, (2013), 
“Determinants of IT-Related Innovation Acceptance And Use Behaviour: Theoretical 
Integration Of Unified Theory Of Acceptance And Use Of Technology And 
Entrepreneurial Potential Model”. Social technologies, 3(2), p. 243–260. 

Suh, B., & Han, I. (2002). The impact of customer trust and perception of security control on the 
acceptance of electronic commerce. International journal of electronic commerce, 7, 
135-161. 

Turner, M., Kitchenham, P., Brereton, P., Charters, S. and Budgen, D (2010). “Information and 
Software Technology”, Does the technology acceptance model predict actual use? A 
systematic literature review VL – 52. 

Venkatesh, V., & Davis, F. D. (2000). A theoretical extension of the technology acceptance 
model: four longitudinal field studies. Management science, 46(2), 186-204. 

Venkatesh, V., & Morris, M. G. (2000). Why don't men ever stop to ask for directions? Gender, 
social influence, and their role in technology acceptance and usage behaviour. MIS 
quarterly, 115-139. 

Venkatesh, V., Brown, S. A., Maruping, L. M., & Bala, H. (2008). Predicting different 
conceptualizations of system use: the competing roles of behavioural intention, 
facilitating conditions, and behavioural expectation. Mis Quarterly, 483-502. 

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance of 
information technology: Toward a unified view. MIS quarterly, 425-478. 

Wang & Shih (2009), “Why do people use information kiosks? A validation of the Unified 
Theory of Acceptance and Use of Technology, ,Government Information Quarterly, 
Volume 26, Issue 1, 158-165. 

Wang, Y. S., Wang, Y. M., Lin, H. H., & Tang, T. I. (2003). Determinants of user acceptance of 
internet banking: an empirical study. International Journal of Service Industry 
Management, 14(5), 501-519. 

Warshaw, P.R. and Davis, F.D. (1985), “Disentangling behavioural intention and behavioural 
expectation”, Journal of Experimental Social Psychology, Vol. 21, pp. 213-228. 

Wu, J., & Lederer, A. (2009). A meta-analysis of the role of environment-based voluntariness in 
information technology acceptance. Management Information Systems Quarterly, 33(2). 

 


